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Absiract In this paper, we present an approach to sentence boundary detection for web documents
that builds on statistical-based methods and uses rule-based correction. The proposed system uses the
classification model learned offline using a training set of human-labeled web documents. The web
documents have many word-spacing errors and frequently no punctuation mark that indicates the end
of sentence boundary. As sentence boundary candidates, the proposed method considers every Ending
Eomis as well as punctuation marks. We optimize engine performance by selecting the best feature,
the best training data, and the best classification algorithm. For evaluation, we made two test sets; Setl
consisting of articles and blog documents and Set2 of web community documents. We use F-measure
to compare results on a large variety of tasks, Detecting only periods as sentence boundary, our basis
engine showed 96.5% in Setl and 56.7% in Set2. We improved our basis engine by adapting features
and the boundary search algorithm. For the final evaluation, we compared our adaptation engine with
our basis engine in Set2. As a result, the adaptation engine obtained improvements over the basis
engine by 39.6%. We proved the effectiveness of the proposed method in sentence boundary detection.

Key words © Sentence boundary detection, Machine Learning, Support Vector Machine
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