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Abstract Recently, mobile life-log data are collected
by mobile devices and used to recode one’s life. In order
to help a user search data, a mobile life-log semantic
network is introduced for storing logs and retrieving
associative information. However, associative search sys—
tems on common semantic networks in previous studies
provide for a user with only found data as text to users.
This paper proposes an associative search system for
mobile life-log semantic network that supports selection
and keyword associative search of which a process and
result are a visualized graph representing associative
data and their relationships when a user inputs a keyword
for search. In addition, by using semantic abstraction, the
system improves user’'s understanding of search result
and simplifies the resulting graph. The system’s usability
was tested by an experiment comparing the system and
a text-based search system.

Key words : Mobile Log, Semantic Networks, Asso-
ciative Search, Network Visualization,
Semantic Abstraction
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function Graph KeywordAssociativeSearch
(string keyword, Graph 5)
Graph ResultGraph;
Node KeywordNode
= DFS(keyword, S} .Result (};
ResultGraph.add(
DFS {keyword, S) .Routes{)):
ResultGraph.add(
DFS (Keyword, S) .Result{));
ResultGraph.add(
Traverse (keywordNode, S) .Routes () ) ;
return ResultGraph;

end
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