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ABSTRACT

For the indoor positioning, wireless fingerprinting is most favorable because fingerprinting is most accurate
among the technique for wireless network based indoor positioning which does not require any special
equipments dedicated for positioning. The deployment of a fingerprinting method consists of off-line phase and
on-line phase and more efficient and accurate methods have been studied. This paper proposes a bayesian
algorithm for wireless fingerprinting and indoor location determination using fuzzy clustering with bayesian
learning as a statistical learning theory.
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