T

LoG Scale-Spaced ©] &3 gle 4% & /183

LoG Scale-SpaceE o]-&3t g2l T4= A=
Medial Axis Detection of Stripes Using LoG Scale—Space

L B M i B S A
Ki-Won Byun®, Ki-Gon Nam®, Jae-Heurn Joo™

® 9
2 =Fo A= LoG scale-space® ©] & rdlol2=AY gl AEAE 2 FHF HE VIS At At
W LoGel =AY arlE H&AH oz 7piste €9l F45E dEste dolth A2 2Ade] LoG Abahs
of oA e A Gz FAo] vheh v, JuAPE FAoR HApo +/~ T M FHel EXASA Eoh F o
& E8 Ae 2o 4% bAoA 2719 +=3HE SAA " LoGY iSRS WHE ‘_ﬁ“’ﬂ el 2AUdE F
7}"] 719 + 5382 2 4% XYl FHAGez ofEste FHHoE MY HFH 2R st SHe
FHAAAG, ALHY gl FAEHL 2709 +FHo] FAAGAA FHEE Hejoh Atee “Jm° 712 ol
Aol Al 2 gx e st R AstA Asew e SH45E AEYE st

2]

N

FS
=

m?,HUONoE,S.‘.‘»ﬂﬂ

Abstract
In this paper we propose a detection method of the medial axis of the continuous stripes on the LoG scale-space.
Our method detects the medial axis of continuous stripes iteratively by varying the scale of LoG operator.
Small-scale LoG operator detects two. +/- pole pairs centered on the edge positions of stripe by the zero-crossing
detection. The more increase the scale of LoG scale-space, the more close two poles to the medial axis of stripe.
The medial axis of continuous stripe is the position where two poles is overlapped. The proposed method detected
robustly the medial axis of continucus stripes stronger than the thinning methods used to binary image.

Keywords ' LoG scale~space, medial axis detection, thinning, skeleton.
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Fig.1. Scale diffusion operations, the diffused signal of
iteration n=0,5,10,200 (top to bottom), and 2nd-order
derivatives of signal.
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Fig.2. Block diagram of medial axis detection method.
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