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Wavelet—Based Minimized Feature Selection for Motor Imagery Classification
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Abstract

This paper presents a methodology for classifying left and right motor imagery using a neural
network with weighted fuzzy membership functions (NEWFM) and wavelet-based feature
extraction. Wavelet coefficients are extracted from electroencephalogram(EEG) signal by
wavelet transforms in the first step. In the second step, sixty numbers of initial features are
extracted from wavelet coefficients by the frequency distribution and the amount of variability
in frequency distribution. The distributed non-overlap area measurement method selects the
minimized number of features by removing the worst input features one by one, and then
minimized six numbers of features are selected with the highest performance result. The
proposed methodology shows that accuracy rate is 86.43% with six numbers of features.
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