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On-line Reinforcement Learning for Cart-pole Balancing Problem
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Abstract The cart-pole balancing problem is a pseudo-standard benchmark problem from the field of control
methods including genetic algorithms, artificial neural networks, and reinforcement learning. In this paper, we
propose a novel approach by using online reinforcement learning(OREL) to solve this cart-pole balancing
problem. The objective is to analyze the learning method of the OREL learning system in the cart-pole
balancing problem. Through experiment, we can see that approximate faster the optimal value-function than
Q-learning.
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