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Abstract

This paper proposes a new solution about physical problem of autonomous mobile robots system
using ultrasonic sensors. An mobile robot uses several sensors for recognition of its circumstance.
However, such sensor data are not accurate all the time. A means of removing the noise that sensor
data contains constantly, It is possible for simulation to estimate its circumstance based on ultrasonic
sensor data by learning algorithm SVR(Support Vector Regression). To use SVR, it is being selected
parameter and kernel which are the component of SVR. Selecting the component of SVR, the most
accurate parameter data was selected through the tests because it is not existed determined data. In
addition, choosing the kernel uses RBF(Radial Basis Function) kernel which is the most generalized.
This paper proposes SVR based algorithm to compensate for the above demerits of ultrasonic sensor
through the experimentation under three different environments.
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Fig. 12. Deduction corner pattern
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