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Scale and Rotation Robust Genetic Programming-Based Comer Detectors

Mald,d49
(Ki-Sung Seo and Young-Kyun Kim)

Abstract: This paper introduces GP(Genetic Programming) based robust corner detectors for scaled and rotated images. Various
empirical algorithms have been studied to improve computational speed and accuracy including approaches, such as the Harris
and SUSAN, FAST corner detectors. These techniques are highly efficient for well-defined corners, but are limited to
corner-like edges which are often generated in rotated images. It is very difficult to detect correctly edges which have
characteristics similar to corners. In this paper, we have focused the above challenging problem and proposed Genetic
Programming-based automated generation of corner detectors which is robust to scaled and rotated images. The proposed method
is compared to the existing corner detectors on test images and shows superior results.
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Fig. 1. Corner region(top) and edge region(bottorn) on images.
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Fig. 2. USAN area using circular masks on image.
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Fig. 3. Mask area using FAST corner detection.
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Fig. 4. GP tree structure.
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Fig. 6. Contiguity and intensity-based terminals.
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