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Abstract: We introduce a natural language sentence generation (NLG) method based on learning
of word-association patterns. Existing NLG methods assume the inherent grammar rules or use
template based method. Contrary to the existing NLG methods, the presented method leams the
words—association patterns using only the co—occurrence of words without additional information such
as tagging. We employ the hypernetwork method to analyze and represent the words—-association
patterns. As training going on, the model complexity is increased. After completing each training
phase, natural language sentences are generated using the learned hyperedges. The number of
grammatically plausible sentences increases after each training phase. We confirm that the proposed
method has a potential for learning grammatical properties of training corpuses by comparing the
diversity of grammatical rules of training corpuses and the generated sentences.
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