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Abstract

In this study, occurrences of relative probabilistic changing points between Chukwooki rainfall data (CWK)
and modern rain gage data (MRG) were analyzed using Barry and Hartigan (BH) Bayesian changing points
estimation method which estimated the changing points by calculation of change probabilities at each point.
Since any natural phenomenon cannot be simulated identically and perfectly, a statistical method which can
not consider the sequential order has its limitation on prediction of a specific time of occurrence. In this respect,
Homogeneity analysis between CWK and MRG was performed through the occurrence investigation of relative
probabilistic changing points for four rainfall characteristics of data sets using BH bayesian model which
estimate the change point by calculating the relative probabilities in each data points. The results show that
statistical characteristics of CWK are not different significantly from MRG, even though considered that there
may be little quantitative difference CWK and MRG caused from limitation of measurement accuracy of CWK.
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Table 1. Statistics Which Are Used to Test the Homogeneity (Detect Changing Points) between CWK and

MRG
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Mathmatical Expressions

Monthly rainfall

Monthly rainfall = E (daily rainfall)

The ratio of daily maximum rainfall to monthly rainfall
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1. Estimated Posterior Means and Posterior Probabilities of Each Statistical Rainfall
Characteristics using BH Bayesian Changing Points Estimation Method for JUN
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Fig. 2. Estimated Posterior Means and Posterior Probabilities of Each Statistical Rainfall
Characteristics using BH Bayesian Changing Points Estimation Method for JUL
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