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Abstract

In this paper, we suggest an advanced algorithm, to recognize pedestrian/non-pedestrian using differential haar-like feature, which applies
Adaboost algorithm to make a strong classification from weak classifications. First, we extract two feature vectors: horizontal haar-like
feature and vertical haar-like feature. For the next, we calculate the proposed feature vector using differential haar-like method. And then, a
strong classification needs to be obtained from weak classifications for composite recognition method using the differential area of
horizontal and vertical haar-like. In the proposed method, we use one feature vector and one strong classification for the first stage of

recognition. Based on our experiment, the proposed algorithm shows higher recognition rate compared to the traditional method for the
pedestrian and non-pedestrian.
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Fig. 1. Types of Haar-like feature masks
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