oJu)z] AAe} 3% Kk ARXE o] L3} eIzl AE QIAIX

Human Activity Recognition using an Image Sensor and a 3-axis
Accelerometer Sensor

dEd ARFT z9am

Yunyoung Nam  Yoo-Joo Choi We-Duke Cho
o o]
0 =

B =R e A % FUHFS A3 dE AA 7uke] doj#E AFE tute] A& Aokdit) ths

7] 93, oluA] MM e} 7FEE AME o] &35t F <14 4T ES NEsIAth HE AMZHEE 4L HolHE &4
e 2= 71 FEE Z229 WS AL SVM EF7IH S o £33tk ouA] AMZRE A& TA wE <] neky)
A7E o] &3A T, 3F 7HEE A ZEE AL volE oA Y F3} A7]9 FABAE ALsd T 43 A n]
A A ek} 3% MEE A7) E A E S 247t 5557 %, 89.97%S KA A ¢He HE|AIAM 7 He] SE0l 5
2.78% & HAth

ABSTRACT

In this paper, we present a wearable infelligent device based on multi-sensor for monitoring human activity. In order to
recognize multiple activities, we developed activity recognition algorithms utilizing an image sensor and a 3-axis accelerometer
sensor. We proposed a grid - based optical flow method and used a SVM clossifier fo analyze data acquired from multi-sensor.
We used the direction and the magnitude of motion vectors extracted from the image sensor. We computed the correlation
between axes and the magnitude of the FFT with data extracted from the 3-axis accelerometer sensor. In the experimental
results, we showed that the accuracy of activity recognition based on the only image sensor, the only 3-axis accelerometer
sensor, and the proposed multi-sensor method was 55.57%, 89.97%, and 89.97% respectively.
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