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Analysis of toxicity using bio-digital contents

Jin Seok Kang*

Abstract

Numerous bio-digital contents have been produced by new technology using biochip and others
for analyzing early chemical-induced genes. These contents have little meaning by themselves, and
so they should be modified and extracted after consideration of biological meaning. These include
genomics, transcriptomics, protenomics, metabolomics, which combined into omics. Omics tools could
be applied into toxicology, forming a new field of toxicogenomics. It is possible that approach of
toxicogenomics can estimate toxicity more quickly and accurately by analyzing gene/protein/metabolite
profiles. These approaches should help not only to discover highly sensitive and predictive biomarkers
but also to understand molecular mechanism(s) of toxicity, based on the development of analysing
technology. Furthermore, it is important that bio-digital contents should be obtained from specific cells
having biological events more than from whole cells. Taken together, many bio-digital contents
should be analyzed by careful calculating algorism under well-designed experimental protocols,
network analysis using computational algorism and related profound databases.
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Integrated analysis of toxicogenomic profiling
TAA clustering at 24 h
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In vivo In vitro
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(¥ 2) Gene expression profile by treatment
of thioacetamide (TAA), one of hepatotoxicants)

(L™ 3) Gene expression profile by treatment
of dimethylbenz[a]anthracene (DMBA),
one of mammary carcinogens)
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