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Automated Video Clip Creation Using Time-based Social Bookmark

Clustering
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Abstract

Recently the change of content consumption trend activated the social video sharing platform and the video clip itself. There
have been intensive interests and efforts to automatically abstract compact and meaningful video clips. In this paper, we propose a
method which use the clustering of the bookmark data created by collective intelligence instead of using the video content
analysis. The partitional clustering of points in 2-dimensional space derived from the bookmark data make it possible to abstract
highlights effectively. The method is enhanced by the 1-dimensional accumulated bookmark count graph. Experiments on the real
data from KBS internet service show the effectiveness of the proposed method.
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