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Abstract

Graphical regression is a paradigm for obtaining regression information using
plots without model assumptions. The general goal of this approach is to find low-
dimensional sufficient summary plots without loss of important information. Model
assessments using residual plots are less likely to be successful in models that are not
linear. As an alternative approach, marginal model plots provide a general graphical
method for assessing the model. We apply the methods of graphical regression and

model assessment using marginal model plots to the logistic regression model.

Keywords: Binomial regression, dimension reduction, graphical regression, logistic

model, marginal model plot.
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