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Abstract

There is no general method to find out from signals of the channel cutputs of ICA(Independent Component Analysis)

which is what you want. Assuming speech signals contaminated with the sound from the muffler of a car, this paper
presents the method which shows what you want, It is anticipated that speech signals will show larger correlation
coefficients for speech signals than others. Batch, maximum and average method were proposed using ’ah’, ‘oh’, 'woo'
vowels whose signals were spoken by the same person who spoke the speech signals and using the same vowels whose
signals are by another person. With the correlation coefficients which were calculated for each vowel, voting and

summation methods were added. This paper shows what the best is among several methods tried.
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Table 3. Results of classification by average.
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