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(Abstracd

Emotion Classification of User's Utterance for a Dialogue System

Sangwoo Kang Hongmin Park Jungyun Seo

Department of Computer Sciences and Engineering, Sogang University

A dialogue system includes various morphological analyses for recognizing a user’s intention
from the user's utterances. However, a user can represent various intentions via emotional
states in addition to morphological expressions. Thus, a user’s emotion recognition can
analyze a user’s intention in various manners. This paper presents a new method to
automatically recognize a user’s emotion for a dialogue system. For general emotions, we
define nine categories using a psychological approach. For an optimal feature set, we
organize a combination of sentential, a priori, and context features. Then, we employ a
support vector machine (SVM) that has been widely used in various learning tasks to
automatically classify a user’s emotions. The experiment results show that our method has a

62.8% F-measure, 15% higher than the reference system.

Kgwords : sentimene  analysis, spoken dialogue spstemy  nobile mudiine learning  autamtic
dassifiaition, robot
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