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Abstract
This paper is about the method and procedure to register the candidate sequentially in the face recognition system using
the PCA(Principal Components Analysis). We use the method to update the principal components sequentially with the
SKL algorithm which is improved R-SVD algorithm. This algorithm enable us to solve the re-training problem of the
increase the candidates number sequentially in the face recognition using the PCA. Also this algorithm can use in robust
tracking system with the bright change based to the principal components. This paper proposes the procedure in the face
recognition system which sequentially updates the principal components using the SKL algorithm. Then we compared the
face recognition performance with the batch procedure for calculating the principal components using the standard KL

algorithm and confirms the effects of the forgetting factor in the SKL algorithm experimentally.
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