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The Goods Recommendation System based on modified
FP-Tree Algorithm
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Abstract

This study uses the FP-tree algorithm, one of the mining techniques. This study is an attempt
to suggest a new recommended system using a modified FP-tree algorithm which yields an
association rule based on frequent 2-itemsets extracted from the transaction database. The
modified recommended system consists of a preprocessing module, a leaming module, a
recommendation module and an evaluation module. The study first makes an assessment of the
modified recommended system with respect to the precision rate, recall rate, F-measure, success
rate, and recommending time. Then, the efficiency of the system is compared against other
recommended systems utilizing the sequential pattern mining. When compared with other
recommended systems utilizing the sequential pattern mining, the modified recommended system
exhibits 5 times more efficiency in learning, and 20% improvement in the recommending capacity.
This result proves that the modified system has more validity than recommended systems utilizing
the sequential pattern mining.
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Table 1. Association rule format

{(F=4% A) = (F=24% B
if A then B : 9 A7} dojdthd B
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