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Development of User Music Recognition System For
Online Music Management Service

Bokyung Sung”, Iju Ko™

kO
12

A2 UAE Zelx Al Rl AR} 25 2

58] L1 7N 3o Mu|2e0] B9 AL 3 A *,

E
[
i
)
:?L_I,
£
kY
N
I

Q14j2] WaHo] thvsla 9)

o o9 24 % S0l Bl 1 AFL 99 AH8A 99
Q14 7)ol 85T ek @A) B TYRE V122 A4 £ Q14 F o il ARE ATSHE A2 A
FE3 A, BgRel s 9 A Se) Ao oY 9F7h FEsk ek oled BAlS] net weto.

2} AAE olg3KE WETME LA £ Q14 JHel TR A7 o ek & aoﬂm s

=

ol $28 54 ARE V12T LN A8 29 A4t Wy
: Q4 g8 ol AT Lo WA F 54 %—g seic). 29 %@—0— gok Aol 7
Hez AR LUl il HHL B A4S WaAsle] Barole
A Bk AR AR 29 A4 o] A5 Slal 607he) %j &
WSS ol=l AN A007Ne) ABSAS NVIS TS Lo WS FFoR ANAFLS AW
o Wi AL %S Ve Adele el 29 Q42 Falo] Byl 29 94e] b o
B G52 Sgom, &0 A4 FEe AA 229 g0 Mulze] AT AL HeiFi

0_|_.

Abstract

Recently, recognizing user resource for personalized service has been needed in digital content
service fields. Especially, to analyze user taste, recommend music and service music related
information need recognition of user music file in case of online music service. Music related
information service is offered through recognizing user music based on tag information. Recognition

error has grown by weak points like changing and removing of tag information. Techniques of
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content based user

problems. In this paper, we propose user music recognition on the internet by

music recognition with music signal

itself are researched for solving upper
extracted feature

from music signal. Features are extracted after suitable preprocessing for structure of content

based user music recognition. Recognizing on music server consist of feature form are progressed
with extracted feature. Through this, user music can be recognized independently of tag data. 600
music was collected and converted to each 5 music qualities for proving of proposed recognition.

Converted 3000 experiment music on this method is used for recognition experiment on music

server including 300,000 music. Average of recognition ratio was &5%.

music recognition were overcome through proposed content based music recognition.

Weak points of tag based
Recognition

performance of proposed method show a possibility that can be adapt to online music service in

practice.
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Table 1. Example for music recognition time (Set: F, Title: Insomnia, Release: Feb of 2009, Artist: WheeSung)

= HEf2| sxxs Zy
= o599 | J|z=2E PCM pon AR - MFCC SUM Delta Query
ey et cl=g < e | T = ott oft ==
64
0.005921 0.880052 0.145831 0.001784 0.000127 0.001336 0.202403 0.001245 0.000001 5.656874
% 0.027586 1.017288 0.142115 0.001758 0.000125 0.001295 0.191298 0.001122 0.000001 5.744317
128
0.011443 1.067355 0.141628 0.001726 0.000124 0.001341 0.201474 0.001102 0.000001 5.649919
160
0.022238 1.069598 0.143675 0.001755 0.000124 0.001199 0.19403 0.001162 0.000001 5.62885
12
0.021089 1.109546 0.142146 0.001851 0.00012 0.001374 0.196232 0.001109 0.000001 5.681328
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