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An Improved Face Detection Method Using a Hybrid of
Hausdorff and LBP Distance
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Abstract

In this paper, a new face detection method that is more accurate than the conventional methods
is proposed. This method utilizes a hybrid of Hausdorff distance based on the geometric similarity
between the two sets of points and the LBP distance based on the distribution of local micro
texture of an image. The parameters for normalization and the optimal blending factor of the two
different metrics were calculated from training sample images. Popularly used face database was
used to show that the proposed method is more effective and robust to the variation of the pose,
illumination, and back ground than the methods based on the Hausdorff distance or LBP distance.
In the particular case, the average error distance between the detected and the true face location
was reduced to 47.9% of the result of LBP method, and 22.8% of the result of Hausdorff method.
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Fig. 5. The block histograms concatenated to form the
face LBP histogram feature.
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