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Abstract

Each robot decides and behaviors themselves surrounding circumstances in the swarm robot system. Robots have to
conduct tasks allowed through cooperation with other robots. Therefore each robot should have the ability to learn and
evolve in order to adapt to a changing environment. In this paper, we proposed learning based on Q-learning
algorithm and evolutionary using Harmony Search algorithm and are trying to improve the accuracy using Harmony
Search Algorithm, not the Genetic Algorithm. We verify that swarm robot has improved the ability to perform the
task.
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