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Abstract

In this paper, we present an automatic sentiment classification method for on-line movie reviews that do not contain
explicit sentiment rating scores. For the sentiment polarity classification, positive or negative, we use a Support Vector
Machine classifier based on syllable kernel that is an extended model of string kernel. We give some experimental
results which show that proposed syllable kernel model can be effectively used in sentiment classification tasks for
on-line movie reviews that usually contain a lot of grammatical errors such as spacing or spelling errors.
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