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Fast Search Algorithm for Determining
the Optimal Number of Clusters using Cluster Validity Index
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A fast and efficient search algorithm to determine an optimal number of clusters in clustering

algorithms is presented. The method is based on cluster validity index which is a measure for
clustering optimality. As the clustering procedure progresses and reaches an optimal cluster
configuration, the cluster validity index is expected to be minimized or maximized. In this paper,
a fast non-exhaustive search method for finding the optimal number of clusters is designed and
shown to work well in clustering. The proposed algorithm is implemented with the k—-mean++
algorithm as underlying clustering techniques using CB and PBM as a cluster validity index.
Experimental results show that the proposed method provides the computation time efficiency
without loss of accuracy on several artificial and real-life data sets.
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