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Abstract Recently with increase of data in the Internet, platform technologies that can process
huge data effectively such as Google platform and Hadoop are regarded as worthy of notice. In this
kind of platform, there exist network I/O overheads to send task outputs due to the MapReduce
operation which is a programming model to support parallel computation in the large cluster systemn.
In this paper, we suggest applying of TIPC (Transparent Inter-Process Communication) protocol for
reducing network I/O overheads and increasing network performance in the distributed computing
environments. TIPC has a lightweight protocol stack and it spends relatively less CPU time than TCP
because of its simple connection establishment and logical addressing. In this paper, we analyze main
features of the Hadoop-based distributed computing system, and we build an experimental model
which can be used for experiments to compare the performance of various protocols. In the
experimental result, TIPC has a higher bandwidth and lower CPU overheads than other protocols.
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