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Abstract

The purpose of this article is to present the application of Least Squares Support
Vector Machine in analyzing the existing structure of brand. We estimate the pa-
rameters of the Market Share Attraction Model using a non-parametric technique for
function estimation called Least Squares Support Vector Machine, which allows us to
perform even nonlinear regression by constructing a linear regression function in a high
dimensional feature space. Estimation by Least Squares Support Vector Machine tech-
nique makes it a good candidate for solving the Market Share Attraction Model. To
illustrate the performance of the proposed method, we use the car sales data in South
Korea’s car market.

Keywords: Cross-validation, kernel function, least squares support vector machine,
market share attraction model.
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