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Abstract

This paper describes a vision-based and real-time system for detecting road signs from within a moving vehicle. The
proposed system has the standard architecture with adaboost algorithm to detect road signs in real time. And it uses the
value of vertical plane in the process of extracting candidate areas in view of fact that there are vertically most of signs
on roads. Although being useful for detecting objects in real time, the conventional adaboost algorithm deteriorates the
performance of detection rate in complex circumstance by reason of using only integral images as features. To overcome
this problem, this paper proposes the method that improves the reliability of candidates as using the value of vertical plane
for extracting candidate area and improves the performance of the detection rate as using integral images to which we
add the kind of feature prototype. The experiments of this paper show that the detection rate of the proposed method has
higher than that of the conventional adaboost algorithm under the real complex circumstance of roads.
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