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Detecting Ventricular Tachycardia/Fibrillation Using Neural Network with
Weighted Fuzzy Membership Functions and Wavelet Transforms
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This paper presents an approach to classify normal and ventricular tachycardia/fibrillation(VT/VF)
from the Creighton University Ventricular Tachyarrhythmia Database(CUDB) using the neural
network with weighted fuzzy membership functions(NEWEFM) and wavelet transforms. In the
first step, wavelet transforms are used to obtain the detail coefficients at levels 3 and 4. In the
second step, all of detail coefficients d3 and d4 are classified into four intervals, respectively,
and then the standard deviations of the specific intervals are used as eight numbers of input
features of NEWFM. NEWFM classifies normal and VT/VF beats using eight numbers of input
features, and then the accuracy rate is 90.1%.
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