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Abstract One of the major problems that prevent us from building a good recognition system for
large-scale on-line Chinese character recognition using HMMs is increasing recognition time. In this
paper, we propose a clustering method to solve recognition speed problem and an efficient distance
measure between HMMs. From the experiments, we got about twice the recognition speed and 95.37%
10-candidate recognition accuracy, which is only 0.9% decrease, for 20,902 Chinese characters defined

in Unicode CJK unified ideographs.
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