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A Real-time Eye Tracking Algorithm for Autostereoscopic
3-Dimensional Monitor
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Abstract: In this paper, a real-time eye tracking method using fast face detection is proposed. Most of the current eye tracking
systems have operational limitations due to sensors, complicated backgrounds, and uneven lighting condition. It also suffers from
slow response time which is not proper for a real-time application. The tracking performance is low under complicated background
and uneven lighting condition. The proposed algorithm detects face region from acquired image using elliptic Hough transform
followed by eye detection within the detected face region using Haar-like features. In order to reduce the computation time in
tracking eyes, the algorithm predicts next frame search region from the information obtained in the current frame. Experiments
through simulation show good performance of the proposed method under various environments.
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Fig. 1. Face detection techniques.
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Fig. 2. Proposed algorithm flowchart.
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Fig. 4. Face detection using different values of "a”.
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