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The Effect Analysis of Missile Warning Radar Using Probability Model
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Abstract

To analyze the threat decision performance of MWR(Missile Warning Radar) give analysis on condition that we
decide the effective threat using the POC(Probability of Over Countermeasure)/PUC(Probability of Under Countermea-
sure). Thus, we execute the simulation using the Monte-Carlo method to analyze effect, but the execution time of simu-
lation took longer than we expected. In this paper, the effect analysis is proposed using the probability model to reduce
the execution time of simulation. We present the setting method of parameter for probability model and the effect
analysis result of MWR using the simulation. Also, we present the comparison result of simulation execution time for
Monte-Carlo and probability model.
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Fig. 1. The concept of threat decision.
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