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Abstract

In image-based gait recognition systems, physical factors, such as the camera angle and the lens distortion, and
environmental factors such as illumination determines the performance of recognition. In this paper we present a robust

gait recognition method by compensating various types of image distortions. The proposed method is compared with

existing gait recognition algorithm with consideration of both physical and environmental distortion factors in the input
image. More specifically, we first present an efficient compensation algorithm of image distortion by using the projective

transform, and test the feasibility of the proposed algorithm by comparing the recognition performances with and without

the compensation process. Proposed method gives universal gait data which is invariant to both distance and environment.
Gained data improved gait recognition rate about 415% in indoor image and about 555% in outdoor image. Proposed

method can be used effectively in database(DB) construction, searching and tracking of specific objects.
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Table 1. Various methods of biometrics measure.
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Table 2. Methods of image distortion cormpensation.
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