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ABSTRACT

In this paper, we propose a novel method to improve the performance of the global soft decision which is
based on the second-order conditional maximum a posteriori (CMAP). Conventional global soft decision scheme
has an disadvantage in that the speech absence probability adjusted by a fixed-parameter was sensitive to the
various noise environments. In proposed approach using the second-order CMAP, speech absence probability
value is more flexible which exploit not only the current observation but also the speech activity decisions in
the previous two frames. Experimental results show that the proposed improved global soft decision method
based on second-order conditional MAP yields better results compared to the conventional global soft decision

technique with the performance criteria of the ITU-T P. 862 perceptual evaluation of speech quality (PESQ).
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