DI-MACA 718Fe] H A w22 2he
= ojg 27 719) 74
ﬁo-_\'ﬁ_’,_ﬁ* ._;,l__/%];ﬂ**. J,—‘g]odg}*‘**

Construction of Two-Class Classifier based on D1-MACA with minimum memory
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ABSTRACT

Classification problem plays a major role in grouping of the records in database systems, detection of faults in VLSI
circuits, image processing, and so on. In this paper, we propose the algorithin constructing D1-MACA as a two-class
classifier with minimum memory for given pattern sets using the concepts of subspace. Also we analyze the condition that is
designed a two-class classifier D1-MACA with two attractors.
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Table 1. Algorithm of construction of two-Class
Classifier with minimum memory
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Table 2. Comparison of memories required

#of . #of )
pattern | Patterns in | patterns in | MSFA | MCA1 | MCA2
size class-1 class-2 (bits) | (bits) | (bits)
(1) (19)
7 18 14 99 79 56
8 17 15 121 106 46
9 16 25 145 61 41
10 15 25 151 217 79
11 15 25 166 118 73
12 15 25 181 127 79
13 35 50 456 265 337
14 35 50 491 265 197
15 15 25 226 79 41
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