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Abstract

Prediction problem of the time-series data has been a research issue for a long time among
many researchers and a number of methods have been proposed in the literatures. In this
paper, a method is proposed that similarities among time-series data are examined by use of
Hidden Markov Model and Likelihood and future direction of the data movement is determined.
Query sequence is modeled by Hidden Markov Modeling and then the model is examined over
the pre-recorded time-series to find the subsequence which has the greatest similarity between
the model and the extracted subsequence. The similarity is evaluated by likelihood. When the

best subsequence is chosen, the next portion of the subsequence is used to predict the next
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phase of the data movement. A number of experiments with different parameters have been

conducted to confirm the validity of the method. We used KOSPI to verify suggested method.
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