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A Defect Inspection Method in TFT-LCD Panel Using LS-SVM
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Abstract

Normally, to extract the defect in TFT-LCD inspection system, the image is obtained by using line scan camera or
area scan camera which is achieved by CCD or CMOS sensor. Because of the limited dynamic range of CCD or
CMOS sensor as well as the effect of the illumination, these images are frequently degraded and the important
features are hard to decern by a human viewer. In order to overcome this problem, the feature vectors in the image
are obtained by using the average intensity difference between defect and background based on the weber’'s law and
the standard deviation of the background region. The defect detection method uses non-linear SVM (Supports Vector
Machine) method using the extracted feature vectors. The experiment results show that the proposed method yields
better performance of defect classification methods over conveniently method.
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Table 1. Result of the feature vector extraction with the
defect and background region
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Featurel
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5 0047428 21672 5 0000336 21627
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Fig. 6. Training result of empirical feature data.
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All plotting is done with this simple command. It looks for the
best way of displaying the result.
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