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A Comprehensive Method to Impute Vehicle Trajectory Data Collected
in Wireless Traffic Surveillance Environments
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Intelligent Transportation Systems(ITS) enables road users to enhance efficiency of their trips in a
variety of traffic conditions. As a significant part of ITS, information communication technology among
vehicles and between vehicles and infrastructure has been being developed to upgrade current traffic data
collection technology through location-based traffic surveillance systems. A wider and detailed range of
traffic data can be acquired with ease by the technology. However, its performance level falls with
environmental impediments such as large vehicles, buildings, harsh weather, which often bring about
wireless communication failure. For imputation of vehicle trajectory data discontinued by the failure,
several potential existing methods were reviewed and a new method to complement them was devised
AIMSUN  API(Application Programming Interface) software was utilized to simulate vehicle trajectories
data and missing vehicle trajectories data was randomly generated for the verification of the method.
The method was proven to yield more accurate and reliable traffic data than the existing ones.
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Vehicle Trajedory
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