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A Modeling Methodology for Analysis of Dynamic
Systems Using Heuristic Search and Design of Interface
for CRM

Jin Ho Jeon ™, Gye Sung Lee ™
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Abstract

Most real world systems contain a series of dynamic and complex phenomena. One of common
methods to understand these systems is to build a model and analyze the behavior of them. A two-step
methodology comprised of clustering and then model creation is proposed for the analysis on time
series data. An interface is designed for CRM(Customer Relationship Management) that provides user
with 1:1 customized information using system modeling. It was confirmed from experiments that
better clustering would be derived from model based approach than similarity based one. Clustering is
followed by model creation over the clustered groups, by which future direction of time series data
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movement could be predicted. The effectiveness of the method was validated by checking how similarly

predicted values from the models move together with real data such as stock prices.
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Table 1. Similarity computation with data of same length
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Table 2. Similarity computation with data of different

length
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Figure 1. Categorical data used for model creation
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Table 3. Clustering by likelihood over Electrical and
Electronic group and distribution industry
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Table 7. Classification accuracy by similarity
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