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Development of Mining model through reproducibility
assessment in Adverse drug event surveillance system
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Abstract

ADESS(Adverse drug event surveillance system) is the system which distinguishes adverse drug
events using adverse drug signals. This system shows superior effectiveness in adverse drug
surveillance than current methods such as volunteer reporting or char review. In this study, we
built clinical data mart(CDM) for the development of ADESS. This CDM could obtain data
reliability by applying data quality management and the most suitable clustering number(n=4)
was gained through the reproducibility assessment in unsupervised learning techniques of
knowledge discovery. As the result of analysis, by applying the clustering number{N=4), K-means,
Kohonen, and two-step clustering models were produced and we confirmed that the K-means
algorithm makes the most closest clustering to the result of adverse drug events.
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Fig. 2. Adverse Drug Event Surveillance System Process
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