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Abstract

In the current paper, by extending Verall (1990)’s work, we propose a new Bayesian
model for analyzing run-off triangle data. While Verall’s (1990) work only accounts
for the calendar year and evolvement time effects, our model further accounts for the
”absolute time” effects. We also suggest a Markov Chain Monte Carlo method that can
be used for estimating the proposed model. We apply our proposed method to analyz-
ing three empirical examples. The results demonstrate that our method significantly

reduces prediction error when compared with the existing methods.

Keywords: Bayesian linear model, Markov chain Monte Carlo method, run-off triangle
data.
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