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Abstract

In this study, we propose a new estimation method based on autocovariance for
selecting optimal estimators of the regression coefficients in the simple linear regression
model. Although this method does not seem to be intuitively attractive, these estima-
tors are unbiased for the corresponding regression coefficients. When the exploratory
variable takes the equally spaced values between 0 and 1, under mild conditions which
are satisfied when errors follow an autoregressive moving average model, we show that
these estimators have asymptotically the same distributions as the least squares esti-
mators. Additionally, under the same conditions as before, we provide a self-contained
proof that these estimators converge in probability to the corresponding regression

coefficients.

Keywords: Least squares method, optimal autocovariace method, simple linear regres-

sion.
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