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Abstract In this paper, we propose an efficient method of face retrieval by using
PCA(principal component analysis) based features. The coarse-to-fine strategy is adopted
to sort the retrieval results in the lower dimensional eigenface space and to rearrange
candidates at high ranks in higher dimensional eigenface space. To evaluate similarity
between a query face image and class reference image, we utilize the PD(projection
distance), MQDF(modified quadratic distance function) and MED(minimum Euclidean
distance). The experimental results show that the proposed method which rearrange the

retrieval results incrementally by using projection distance is efficient for face image
retrieval.
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