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Abstract

Quantile regression has become a more widely used technique to describe the distri-
bution of a response variable given a set of explanatory variables. This paper proposes a
novel modelfor quantile regression using doubly penalized kernel machine with support
vector machine iteratively reweighted least squares (SVM-IRWLS). To make inference
about the shape of a population distribution, the widely popularregression, would be
inadequate, if the distribution is not approximately Gaussian. We present a likelihood-
based approach to the estimation of the regression quantiles that uses the asymmetric

Laplace density.

Keywords: Asymmetric Laplace distribution, doubly penalized kernel machine, gener-

alized approximate cross validation, quantile regression, support vector machine.
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