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ABSTRACT

In the game of Go, the life-and-death problem is a fundamental problem to be
definitely overcome when implementing a computer Go program. To solve local Go
problems such as life-and-death problems, an important consideration is how to tackle
the game tree’s huge branching factor and its depth. The basic idea of the experiment
conducted in this article is that we modelled the human behavior to get the recognized
first moves to kill the surrounded group. In the game of Go, similar life-and-death
problems(patterns) often have similar solutions. To categorize similar patterns, we
implemented Kohonen Neural Network(KNN) based -clustering and found that the
experimental result is promising and thus can compete with a pattern matching method,
that uses supervised learning with a neural network, for solving life-and-death problems.

Keyword : Go, life-and-death problem, Kohonen Neural Network(KNN), pattern
clustering, pattern matching, Principal Component Analysis(PCA)
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