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Type Methods Descriptions
In vivo | ChiP—chip Simultaneous detection of genomic binding targets of a single DNA—binding protein using
a high quality antibody
DamiD or ChiP-biotinylation | Measurement of transient regulatory interactions using a fused DNA-binding protein
ChIP-PET or ChIP-SAGE Utilize extensive sequencing in order to avoid biases due to differences in hybridization
efficiency in conventional Chlp—chip
ChiP-DSL Sensitive and quantitative detection of functional sites requiring fewer celis than
conventional Chlp—chip
In vitro | Protein—binding microarray Detection of direct protein binding to a double—stranded DNA microarray N
DIP—chip Detection of protein binding to naked genomic DNA using immunoprecipitation and
microarrays
MITOMY Sensitive measurement of DNA binding specifiies using a high—throughput microfluidic
platform
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Table 1| Comparison of data-driven modelling approaches

Data-driven *-Model Optimal Strengths . Weaknesses
model subtype ditnensions
Clustering Hierarchical Dendrogram Simple and unbiased; entire dendrogram can  Clusters must be assernbled pairwise: some
‘branches’ be scanned for assembly of clusters clusters might lack biological relevance;
dendrogram does not simplify the data set
Clustering ksmeans Centroids Clustersare assembled ingroups; allows user.Requiresuser tospecifyinitiak number
to specify an expected number of biological . “of centisidsandtheir startingpositions;
classés; Centroids provide a simplified somecentroidsmightlack biclogical
represertation of the dataset relevance
Principal Principal Simple and unbiased; scores and loadings Cannot pose a hypothetical relationship
components components vectors provide simplified representations of  withinthe data set; some principal
analysis {PCA) the dataset components might lack bielogical relevance
Partialleast Classification Frincipal Allowsiuser to specify anrexpected set of Classpredictionsare inhérently qualitative:
squares {FLS) componerits biological classeswithout the need for principal componerts might lack biological
additionat data televanice whetrclasses are too distantly
relatedte the independent variables
PLS Prediction Principal Allows user to pose a biological hypothesis;  Often requires an additional data set of
COMPONEnts predictions are quantitative dependent measurements; assumes a linear

relationship between independent and
dependent variables
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