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Abstract

In this paper, we propose the methods to select the stable region for the detect region which is required in the systemn used
the face to the ROl in the auto-focus digital camera. this method regards the face region as the ROI in the progressive
input frame and focusing the region in the mobile camera embeded ISP module automatically. The learning algorithm to
detect the face is the Adaboost algorithm. we proposed the method to detect the slanted face not participate in the train
process and postprocessing method for the results of detection, and then we proposed the stabilization method to sustain the
region not shake for the region. we estimated the capability for the stabilization algorithm using the RMS between the
trajectory and regression curve.
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Fig. 1. The auto-focus camera system block diagram
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Fig. 2. Harr-like feature and Integral image
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Fig 3. Postprocessing and result image
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Fig. 4. Detection result for the slanted face
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