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Detection of Inflection Point of Waveform by Wavelet Threshold Denoising
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ABSTRACT

In this paper, the proposed method is a denoising technology by tangent curve interpolation of zero points. The problem of the hard
threshold method is improved by the proposed method. The quantity of time fluctuation of the electromagnetic signal as the quantity of electric
fluctuation of the natural world or the curve of motion waveform of the fast movement of human extracted using virtual reality is, in fact,
complex. Therefore it is important to decide exactly the signal properties as the inflection point for observation signal. In particular, it is
necessary to extract the properties after denoising, since the measurement signal of the natural world include some noises. It shows that the
noise of the inflection point signal with noise II, noise factor 5, is eliminated by the proposed method, and the result of SNR for the signal is
improved 3.4dB than that by the conventional hard threshold.
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