Image Segmentation of Lung Parenchyma using Improved Deformable Model
on Chest Computed Tomography
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ABSTRACT

We present an automated, energy minimized-based method for Lung parenchyma segmenting Chest Computed Tomography(CT) datasets.
Deformable model is used for energy minimized segmentation. Quantitative knowledge including expected volume, shape of Chest CT
provides more feature constrain to diagnosis or surgety operation planning. Segmentation subdivides an lung image into its consistent regions
or objects. Depends on energy-minimizing, the level detail image of subdivision is carried. Segmentation should stop when the objects or
region of interest in an application have been detected. The deformable model that has attracted the most attention to date is popularly known
as snakes. Snakes or deformable contour models represent a special case of the general multidimensional deformable model theory. This is
used extensively in computer vision and image processing applications, particularly to locate object boundaries, in the mean time a new type of
external force for deformable models, called gradient vector flow(GVF) was introduced by Xu. Our proposed algorithm of deformable model
is new external energy of GVF for exact segmentation. In this paper, Clinical material for experiments shows better results of proposal
algorithm in Lung parenchyma segmentation on Chest CT.
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