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Abstract This paper proposes a new algorithm of clustering similar nodes defined as nodes
having similar characteristic values in pure P2P environment. To compare similarity between nodes,
we introduce a fitness function whose return value depends only on the two nodes’ chardcteristic
values. The higher the return value is, the more similar the two nodes are. We propose a GORGFM
algorithm newly in conjunction with the fitness function to recommend and exchange nodes’
characteristic values for an interest group formation and maintenance. With the GORGFM algorithm,

the interest groups are formed dynamically based

on the similarity of users, and all nodes will highly

satisfy with the information recommended and received from nodes of the interest group. To evaluate
of performance of the GORGFM algorithm, we simulated a matching rate by the total number of nodes
of network and the number of iterations of the algorithm to find similar nodes accurately. The result

shows that the matching rate is highly accurate.

The GORGFM algorithm proposed in this paper is

highly flexible to be applied for any searching system on the web.
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