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Abstract To increase the efficiency of mining pro-
cess and derive accurate spatio-temporal patterns, conti—
nuous values of attributes should be discretized prior to
mining process. In this paper, we propose a discretization
method which improves the mining efficiency by re—
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ducing the data size without losing the correlations in the
data. The proposed method first abstracts original tra—
jectories into approximations using line simplification and
then groups them into similar clusters. Qur experiments
show that the proposed approach improves the mining
efficiency as well as extracts more intuitive patterns
compared to existing discretization methods.

Key words : Spatio-temporal data mining, Discreti~
zation, Line simplification, Clustering
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Procedure Clustering (V, ¢)

/1 V: The set of vectors,
begin
1: for each vector v e Vdo {
2. if (v.clusterID = nuli){
find the closest leaf node in CF-tree from v

& : Clustering threshold

3

4 find the closest entry in the node from v

5: if (v is not within the threshold distance of the entry)
6: if ( the node is full ) {

7 modifying the related node /*splitting */

8 modifying path to the node }

9 else

10: add a new entry to the node
11: update CF-tree
12: assign clusteriD to v
13: else
14: assign clusterID to v
15}
16: }
End
a3 2 B4 MHe P8 duds
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Dataset Parameters

DSy, DS | TS= 100/200, NS= 5 NO= 100, D= normal

DS3~DS; | TS= 200, NS= 5, NO= 50~300, D= normal
DSg TS= 80, NS= 1, NO = 5, D= normal
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